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Predicting New Product Success or Failure:
A Comparison of U.S. and U.K. Practices

by
David Berkowitz
Brent M. Wren
University of Alabama, Huntsville, U.S.A.
E. Stephen Grant
University of New Brunswick, Canada

We propose a model that allows managers to assess new product development
(NPD) projects, combined with the anticipated strategy, prior to introduction
and to estimate a probability of success. This model allows for an evaluation
and prioritization of resource commitments. A test of this model that compares
companies within the United States (U.S.) and the United Kingdom (UK.) is
provided.

Introduction

It has been estimated that on average more than 35% of firm revenues are
generated from products that did not exist 5 years ago. In many high tech indus-
tries the percentage is substantially greater (Nambisan, 2003; Griffin, 1997). Real-
izing the impact of new products on the revenue stream, firms spend significant
amounts of money developing and commercializing “fresh”, “new and improved”,
“competitively superior” products for the marketplace. However, the new product
failure rates continue to remain high, with only slightly more than half of all prod-
ucts launched attaining any degree of commercial success. A commercial failure
has both monetary and non-monetary (e.g., brand equity, image) implications for
a firm.

Given the amount of resources that are devoted to new product launches,
and the potential downside consequences of a product failure, it is critical that
new product development (NPD) managers focus on engaging the most appropri-
ate strategies and activities to help ensure commercial success. One of the most
important issues that managers face is determining which products and technolo-
gies have the potential to be successful, prior to risking precious capital, time, and
human resources. To complicate matters, often times it is not the product alone that
contributes to the level of success, but rather the strategy employed by the firm to
help position the product in the marketplace.

While there have been studies that have tried to link strategy with new prod-
uct introduction (c.f. Gatignon and Xuereb, 1997; Souder and Song, 1997), few
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studies have explored the role of strategy as it interacts with product introduction.
Furthermore, in the absence of data and prior to product launch, it is difficult to
predict whether a product will achieve success. It is critical that the manager have
some tools to help assess the likelihood of project success before committing sig-
nificant additional capital. In this paper, we explore the similarities and differences
in NPD in the United States (U.S.) and United Kingdom (U.K.) in order to develop
a profile of attributes combined with the strategies used, that have led to new prod-
uct success. The technique that we use allows for the manager to assess the project,
combined with the anticipated strategy, prior to introduction and to estimate a prob-
ability of success.

The rest of the paper is organized as follows. Using the previous literature
on success, we develop a conceptual model of NPD success, then test the model in
the two countries. We analyze our data by developing a logistic regression model to
predict the success of high tech NPD projects in the U.S. and U.K. We conclude by
providing a discussion of findings and managerial implications.

Literature Review

Conceptual Model Development

The development of our model was influenced by previous studies in NPD.
Recent literature reviews helped us develop the constructs and relationships ex-
plored in our conceptual model. Specifically, we have relied on the work of Gati-
gnon and Xuereb (1997), Souder and Song (1997), Song and Parry (1996), Brown
and Eisenhardt (1995), Montoya-Weiss and Calantone (1994), and Song, Souder,
and Dyer (1997).

Gatignon and Xuereb (1997) develop a structural model to investigate
strategic orientation and new product performance. They evaluated three facets
of orientation: customer orientation, competitive orientation, and technological
orientation. Taking a contingency approach, they found that (under different mar-
ket conditions) different orientations were more influential moderators of success.
Specifically, they found that firms wanting to produce superior products relative
to competition required technological orientation, while firms that were in high-
growth markets were better positioned with competitive orientation. Alternatively,
firms that were in uncertain markets were better performers when they had a con-
sumer and technology oriented strategy. Finally, the competitive orientation was
important when demand was more certain.

Souder and Song (1997) developed a model that incorporates strategic
trade-offs as a predictor of commercial success. Song and Parry (1996) identified
two important determinants of new product success. They found that cross-func-
tional integration and product competitive advantage were critical for new product
success. Brown and Eisenhardt (1995) combined three major streams of research.
Their research suggests that an efficient process, an effective product, and large
markets were all contributors to financial success. Song, Souder, and Dyer (1997)
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developed a causal model, which embodies the above findings. Their model pro-
poses that five factors lead to marketing and technical proficiency, which in turn
determined product quality and ultimately new product success or failure.

Thus, the previous empirical work leaves two gaps in our understanding.
First, the previous work has focused only on understanding success within the con-
text of various antecedents, while not including moderating effects of variables
such a strategy, that are likely to influence the outcome of success. Second, with
the exception of Song, Souder and Dyer (1997), previous research has focused
primarily on success for NPD within U.S. firms. Our research hopes to further our
understanding by incorporating antecedents as well as moderators of success, while
extending our knowledge beyond U.S. firms. Figure 1 is a conceptual figure which
depicts our model.

Figure 1: Conceptual Model Development

Commitment Obsolescence Product

Strategy

Strategy

Competitive
Intensity

Customer &

Technical » Success
Knowledge

Marketing
Skills

Proficiency

Technical

Construct Definition and Hypothesis Development

Success

We define the dependent variable Success, as the perception of commercial
product success or failure. This is defined as the extent to which the commercial
outcome of the project is consistent with the firm’s prior expectations. Expecta-
tions are defined in terms of the original goals set for the product. Specifically, the
goals were defined in terms of sales, market share, return on investment, profit,
customer satisfaction, contribution to technology leadership, and contribution to
market leadership.
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Knowledge

Knowledge can be broken into two components: customer knowledge and
technical knowledge. Firms can use this knowledge as one of the resources that
help generate a sustainable competitive advantage (Barney, 1991; Wernerfelt,
1984). However, the two types of knowledge must be recognized and accounted
for separately in order to determine their relative effect on success. Firms make
strategic decisions to invest in technical competencies in order to build sustain-
able competitive advantages. They also invest in customer relationships to build
an understanding of each customer and the unique needs that are required. This
can also be used to help build a sustainable competitive advantage. Thus, the more
knowledge that a firm has about its customers (in the requirements of the techno-
logical phenomenon for the project) the more likely they are to succeed in produc-
ing a product that is consistent with the desires of the customer. Therefore, they
are more likely to succeed in the marketplace as well. We define Knowledge as the
firm’s information about the customer’s requirements and its understanding of the
technological aspects of the project. This is a four-item measure. Consistently, our
hypothesis can be stated as:

H1: The firm’s knowledge is related positively to commercial success.

Technical Strength

Consistent with previous findings, we develop the construct of technical
strength and anticipate it to be positively related with success in the marketplace.
Previous research has found that firms that are strong in technical competence and
find themselves in marketplaces that are relatively uncertain are more likely to
have success (Gatignon & Xuereb, 1997). For this study, Technical Strength is
defined as the extent to which the firm’s research & development, engineering, and
manufacturing are at both the appropriate level and compatible with the project’s
requirements. To measure this, we use a six-item measure and state the following
formal hypothesis.

H2: The compatibility between the project team’s technical skills and technical
requirements of the project are positively related to commercial success.

Proficiency

For our purposes, we evaluate two types of proficiency: Proficiency in Prod-
uct Development and Proficiency in Product Launch. Proficiency in Product De-
velopment reflects the development process and is the project team’s perception
of how proficiently it performs the exploratory, concept development, prototype
development, and testing stages of the NPD process. Proficiency in the develop-
ment stage implies shorter cycle times. In turn, shorter cycle times imply that the
product gets to the marketplace faster and thus brings greater returns to the orga-
nization. This also implies that firms are more likely to perceive that the product
Was a Success.
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However, this is not the entire force behind success. Proficiency in Product
Launch is critical as well. Proficiency in Product Launch is defined as the percep-
tion of the product team’s proficiency in developing manufacturing, marketing, and
technical service start-ups. Proficiency in product launch implies that the firm has
the ability to execute a strategy to make the product appear in the marketplace. By
being proficient in executing the marketing strategy, the firm is likely to be suc-
cessful. Therefore, the two constructs are interrelated. For example, while a firm
can be proficient in product development, they may have a downfall in product
launch and, therefore, the success of the entire project is in jeopardy. On the other
hand, firms that execute and are proficient in both product launch and product de-
velopment are likely to be more successful. Therefore, we define Proficiency as
the timeliness, thoroughness, and quality in conducting product development and
launch processes. We use a seven-item measure to capture this construct. Our for-
mal hypothesis is stated as:

H3: A project team’s proficiency in product development process is related posi-
tively to the firm’s perception of new product commercial success.

Commitment

Previous research has shown that top-level management’s involvement and
commitment of resources are critical to the success of many projects. We measure
top-level management’s involvement, the overall level of resources, the quality of
resources, and the degree of planning and control for the project. We define Com-
mitment as the firm’s allocation of resources to the project. We use a four-item
measure for this construct. Our hypothesis is stated as:

H4: The firm’s level of commitment of top management support and resources is
related positively to the perception of commercial success.

Competitive Intensity

The more competitive a marketplace is, the less likely that a new product
introduced into this marketplace will enjoy success. Therefore, it is important to
understand the level of competition in markets before attempting to develop prod-
ucts for these markets. The construct of Intensity is defined as the level of com-
petition for this product. This two-item measure seeks to provide insight into the
competitive intensity of the marketplace. We stayed our hypothesis as:

HS5: Greater levels of market intensity are negatively related to the perception of
commercial success.

Marketing Skill

The competency of the firm’s marketing skills has been identified as ante-
cedents to the development and launch proficiencies, and to new product success.
The literature does not make a distinction between competency and appropriate-
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ness in marketing skills analogous to the above distinction for technical skills. This
is a four-item measure. Thus, Marketing Skill is defined as the firm’s ability to
implement the marketing strategy. Therefore, we hypothesize the following:

H6: The firm’s marketing skills are related positively to commercial success.

Company Fit

Company Fit defines the similarities among the firm’s existing markets,
product lines, and marketing skills and the new project requirements. Consistent
with experience and commonsense, products that “fit” the firm’s existing product
lines, markets, and skills have repeatedly been found to exhibit higher success rates
(Souder and Song, 1997). Fit, as defined here, is based on the notion that it reflects a
sufficiency to denote “the matching of abilities with requirements” (Baker, Mapes,
New, & Szwejczewski, 1997). Clearly, firms that “know” and operate in a market
are better suited to develop new product for the market. These firms have greater
access to potential customers and users. In addition, products that are developed
with the assistance of lead users are generally more market-oriented. We use a two-
item measure to better understand how the company fits with this product.

The notion of how the company fits with the product being developed im-
plies that this variable moderates the impact with the previously defined constructs.
Therefore, we position company fit as an interaction moderator of the previous
constructs. We therefore hypothesize the following:

H7a: The interaction of company fit and knowledge are related positively to the
perception of commercial success.

H7b: The interaction of company fit and technical strength are related positively to
the perception of commercial success.

H7c: The interaction of company fit and project propensity are related positively to
the perception of commercial success.

H7d: The interaction of company fit and commitment are related positively to the
perception of commercial success.

H7e: The interaction of company fit and intensity are related negatively to the per-
ception of commercial success.

H7f: The interaction of company fit and marketing skill are related positively to the
perception of commercial success.

Strategy

Our final variables are strategy variables. The strategy used by the firm
could be flawed and thus hinder the ability of the firm to be successful. Specifically,
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we are investigating whether the company has employed an obsolescence strategy,
a product strategy, or both. Our product strategy is further broken into a diversifi-
cation strategy: a market penetration strategy, a product development strategy, or
a market development strategy (Kotler & Armstrong, 1999). Each strategy has a
different level of associated risk. Therefore, we have used indicator variables to
control for the type of strategy employed by the firm for this project. We anticipate
that the strategy variables will have a moderating effect on success.

Data Gathering and Analysis

The data for this study were gathered using interviews administered to U.S.
and U.K. managers. Therefore, the response rate was 100 %. The focus of the in-
terviews was to provide insights into management’s perceptions of the project and
success. Managers were questioned about each construct of interest. In addition,
they were asked to provide a perceptual measure of success for each NPD project.
This provided a clear understanding of the relationship between the management of
the project and the eventual outcome.

The sample used for analysis was randomly selected from the total dataset.
A random selection was done to ensure a matched sample size of 40 successful
projects and 40 unsuccessful projects for each country. Thus, 160 out of 213 (111
U.S., 102 U.K.) observations were used.

Measure Development

The attitude questions were developed in order to assess the constructs list-
ed above. Previous items found in the literature were used as a starting point for the
measure development process. In addition, an original pool of items was generated
to tap the constructs.

Reliability and Unidimensionality

The test of reliability used is calculation of Cronbach’s alpha (Cronbach,
1951). Cronbach’s alpha is regarded as the lower bound on reliability for a set of
congeneric measures (Bollen, 1989). It assumes each of the items within the scale
contributes equally to the underlying trait (Zeller and Carmines, 1980). The alphas
are reported in Table I. As indicated by the reliabilities, the measures are relatively
homogeneous for the construct they purport to measure. Typically, reliabilities
greater than .7 are considered adequate for measurement analysis (Nunnally, 1978).
All but two measures in our analysis meet this standard. Knowledge and commit-
ment are just below the threshold set by Nunnally (1978).

Table II shows the correlation matrix by country used for the analysis. Table
IIT shows the correlation matrix used for the combined dataset. As you would ex-
pect, the correlations between the independent variables and the dependent variable
success are statistically significant. Only Intensity is not significantly correlated to
the dependent variable. In addition, we note that the correlations are below .6 for
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Table I: Scale Reliability

Factor Number of uU.S. U.K. Combined
Items Alpha Alpha Alpha
Proficiency in Project Management 5 .8559 .6680 7970
Marketing Skills 2 .8835 .8469 8697
Technical Knowledge 2 .6020 5179 4141
Customer Knowledge 2 7210 7364 7411
Market Fit 2 9159 7919 8616
Technical Fit 6 9168 .8691 .8997
Commitment 3 .6495 .6377 6404
Competitive Intensity 2 .8040 .6971 7597

Table II: Correlations of Constructs by Country

Buccess echnical ‘ompetitive)
ongruence [Intensity

Project Market SkillMarket ustomer  [Technical 'ommitment
[Propensity |Congruence |Fit owledge [Knowledge

U.S.

Success 1.000

[Technical C 1315 1.000

|Competitive Intensity 136 007 1.000

Project Propensity 530 A420%* -.042 1.000

Market Skill Congruence  [473** 441** 010 1479+ 1.000

Market Fit 1147 420%* 217 1129 A440%* 1000

|Customer Knowledge 242+ 076 193 274% 256% 116 1.000

[Technical Knowledge 1171 370** -223% 187 143 164 |318** 1.000
|Commitment L1496+ 393%+ -.037 L5T5% 370*+ 221% 149 1123 1.000
U.K.

Success 1.000

[Technical C 1237* 1.000

|Competitive Intensity 168 009 1.000

Project Propensity L405+* 424%* 085 1.000

Market Skill Congruence  [386%* 382+ 128 1395+ 1.000

Market Fit 292%= 311** 000 333*= 3T5** 1.000

ICustomer Knowledge 1307+ 217 265% 178 263* 292+  ]1.000

|Technical Knowledge 154 337** 034 116 200 319+ 1094 1.000
|Commitment 311%** 535%* 001 401** 340** 330%**  |232% 166 1.000

* Correlation is significant at the 0.05 level (2-tailed). ** Correlation is significant at the 0.01 level (2-tailed).
N = 80 for each country

Table II1: Correlations of Constructs all Observations

Seatim Compctinve [rafecl Mgkit SRl Mk Cudemer Techaical Cemnitmens
Indly  Prepesally  Cemgreses il Kmnlndis _ Knenledae
| HE

Craptumce Iee | L
Camprmive Immury (1] 1]
Priill Praprotssty e A L.om
Marker Sl Congrumce i P 1 i (]
Mlarket Y Isea Afjae 1w
Customer Knowlodgs o, 05 1 F Jigse ()
Teckaical Kaowledge e LREL L 1.0
Cammarrm i yiare Bigre Jnyes T ndl 108

* Correlation is significant at the 0.05 level (2-tailed). ** Correlation is significant at the 0.01 level (2-tailed).
N =160

all constructs. This is an indication that there is little multicollinearity between the
constructs.

57



Journal of Comparative International Management  10:1

Model Building

The resulting data allowed for matching the project management informa-
tion through to the success or failure of each NPD project. The survey was then
analyzed to provide insights into the potential relationship between the constructs
of interest and the dependent variable success. Since success can be coded as either
a yes or no, logistic regression analysis was used to analyze the data. Thus, the
original measure of success was re-coded into two categories. The first category
coded as ‘1’ indicated that the project was below expectations and thus was not
successful. The second category coded as a ‘2’ indicated that the project met or
exceeded expectations and thus was a success.

Logistic Regression

A logistic regression model can be used if the dependent variable only
has two conditions. The logistic regression model was developed to segment the
sample into two groups: successful projects and non-successful projects. A logis-
tic regression analysis is useful in developing linear composites of the predictor
variables. This enables the user to predict the probability of outcome for an event
(Greene & Tull, 1978). The advantage of using the logistic regression procedure is
that one can overcome some of the assumption violations that are present in the use
of techniques such as multiple regression. For example, with multiple regression
it is unreasonable to assume that the distribution of errors is normal. In addition,
the predicted values cannot be interpreted as probabilities. That is, they cannot be
constrained between 1 and 0. Logistic regression relaxes these assumptions. Thus,
if the dependent variable has two categories, it is preferable to use logistic regres-
sion. Since only two groups were being classified in this case (successful projects
and non-successful projects), a logistic regression analysis was used for classifica-
tion. Table IV provides a list of the variable names used in the logistic regression
model.
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Table IV: Variable Names

B12B
B12C
B12D
BI2E
BI12F
B12G
B12H
B121

Product Strategy Variables:
B8A
B8B
B8C
B8D
B8E

Interactions:
INT 1
INT 2
INT 3
INT 4
INT 5

Variable Variable
Identifier Name

Constructs

TEKCONGR Technical Congruence

COMPINTE Competitive Intensity

PROJMGRP Project Management Propensity

MKTSKILC Market Skill Congruence

CUSTKNOW Customer Knowledge

TECHKNOW Technical Knowledge

COMMITME Commitment

Strategies Used To

Slowdown Obsolescence:

BI2A None

Product Design Flexibility
Growth of Product Over Time
Influencing Technical Standards
Developing New Markets
Identifying New Customers
Finding New Uses

Enhancing Prod. Attributes
Improving Prod. Performance

New Product for a Market That was Undefined (Market Diversification)
New Product for Established Market in Which Were Not Known (Market Development)
New Product in One of Our Currently Served Markets (Product Development)
Product Line Extension to Our Existing Product and Market (Market Development)
An Improvement of Existing Product (Product Development)

Market Fit by Technical Congruence
Market Fit by Competitive Intensity
Market Fit by Market Skill Congruence
Market Fit by Customer Knowledge
Market Fit by Commitment

Interpretation of Results

From the results in Table V, it is clear that the overall model does sufficiently
well to warrant looking at the individual models by country. The overall model
achieves a prediction rate of about 83 % correct. The model performs equally well
in predicting both successes and non-successes. Overall prediction for the non-suc-
cess category is 82.5 %, while prediction for the success category is 83.75 %. The
implication is that the overall model properly classified 83 % of our observations,
given the constructs we have hypothesized.
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Table V: Classification Table

Predicted
Non-Success Success Percent Correct
Non-Success 0 66 14 82.50%
Observed
Success 1 13 67 83.75%
Overall 83.13%
All Data Full Model
----- Variables in Equation -----
Variable B S.E. Wald df Sig R Exp (B)
TEKCONGR | .2074 .2227 .8671 1 .3518 .0000 1.2304
COMPINTE | -.6878 .3558 3.7367 1 .0532 -.0885 .5027
PROJMGRP | .1926 .0918 4.4001 1 .0359 .1040 1.2121
MKTSKILC -.0531 L4196 .0160 1 .8993 .0000 .9483
CUSTKNOW | 1.8097 1.1384 2.5271 1 L1119 .0487 6.1083
TECHKNOW | .2463 .33543 .4835 1 .4869 .0000 1.2793
COMMITME | .3246 .3960 6719 1 4124 .0000 1.3835
INT 1 -.0324 .0289 1.2606 1 .2615 .0000 . 9681
INT 2 .0978 .0461 4.5078 1 .0337 .1063 1.1027
INT 3 L0562 .0552 1.0383 1 .3082 .0000 1.0578
INT_4 -.2185 .1524 2.0557 1 .1516 -.0158 .8037
INT 5 -.0009 .0530 .0003 1 .9863 .0000 9991
B8A (1) 1.6487 .8345 3.9036 1 .0482 .0926 5.2002
B8B (1) 1.9887 .7826 6.4577 1 .0110 .1418 7.3062
BS8C (1) 1.4748 .7215 4.1784 1 .0409 .0991 4.3704
B8D (1) -.5341 .7447 .5144 1 .4732 .0000 .5862
B8E (1) .6769 L7770 .7588 1 .3837 .0000 1.9677
B12A (1) -.6199 .7847 L6242 1 .4295 .0000 .5380
B12B(1) .0344 .5273 .0043 1 .9480 .0000 1.0350
B12C (1) -.0376 5377 .0049 1 9443 0000 L9631
B12D (1) -.1037 .55504 .0355 1 .8505 .0000 9015
B12E (1) -.3983 .6155 .4188 1 .5175 .0000 .6715
B12F (1) 3278 .6425 .2603 1 6099 .0000 1.3879
B12G (1) -.0550 .6409 .0074 1 .9316 .0000 .9465
B12H (1) -.4864 .6376 .5820 1 .4455 .0000 .6148
B12I(1) 0019 .6394 .0000 1 9977 .0000 1.0019
Constant | -11.7580 | 3.1743 13.7205 1 .0002
-2 log likelihood 136.691
Goodness of Fit' 164.079
Cox & Snell - R® 413
Nagelkerke - R? .550

A more detailed analysis by country shows that the U.S. data are better at
predicting success than the U.K. data. In Table VI, the U.S. data show an overall
prediction rate of greater than 96 %. Our model performs well in predicting both
successes and non-successes. The total misclassification is only three observations.
This is a remarkably strong indicator that our variables are important in predicting
success. In Table VII, the U.K. data show an overall prediction rate of 85 %. With
this data there is a better prediction rate for non-successes. Still, the model only
classifies 12 of the 80 observations incorrectly. Once again, this provides evidence
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to suggest that the variables we have included in our analysis are meaningful in pre-
dicting success. One particularly interesting finding is that the individual country
models perform better than the aggregate model. This suggests that there are differ-
ences in direction between the two countries, and a generic model is not necessarily
the best predictor of performance.

Table VI: Classification Table

Predicted
Non-Success Success Percent Correct
Non-Success 0 38 2 95.00%
Observed
Success 1 1 39 97.50%
Overall 96.25%

U.S Data Full Model
----- Variables in Equation -----
Variable B S.E. Wald df Sig R Exp (B)
TEKCONGR | .7113 .6969 1.0415 1 .3075 .0000 2.0366
COMPINTE | -.6283 1.2777 L2418 1 .6229 .0000 .5335
PROJMGRP | .9348 .5477 2.9126 1 .0879 .0907 2.55467
MKTSKILC | -2.8968 2.4081 1.4471 1 2290 .0000 0552
CUSTKNOW | 1.6463 3.5923 2.100 1 6467 .0000 5.1880
TECHKNOW | -1.0723 .1956 .8044 1 .3698 .0000 .3422
COMMITME | 2.2671 1.9102 1.4086 1 .2353 .0000 9.6514
INT_ 1 -.1175 .0859 1.8697 1 L1715 .0000 .8891
INT 2 L0617 .1669 1366 1 L7117 .0000 1.0636
INT 3 .6788 .3811 3.1714 1 .0749 .0000 1.9714
INT 4 -.1372 .4643 .0873 1 .7676 .0000 .8718
INT 5 -.2262 .2333 .9400 1 3323 .0000 7976
B8A (1) -.4535 3.1210 L0211 1 .8845 .0000 .6354
BSB (1) 4.2657 3.7235 1.3125 1 .2519 .0000 71.2178
B8C (1) -2.2138 2.7202 .6624 1 .4157 .0000 .1093
B8D (1) -1.3138 2.8328 .2151 1 .6428 .0000 .2688
BSE (1) -3.7026 3.5178 1.1078 1 2926 .0000 0247
B12A (1) 9396 2.3368 1617 1 .6876 .0000 2.5589
B12B(1) | 4.0294 1.6773 5.7711 1 .0163 .1844 56.2278
B12C (1) 1.8404 1.9178 9209 1 .3372 .0000 6.2988
B12D (1) 3.2349 2.3604 1.8782 1 .1705 .0000 25.4037
BI2E(1) | 7.3611 3.3002 4.97515 1 .0257 .1638 1573.5206
B12F (1) -2.1870 3.8229 3273 1 5673 .0000 L1123
B12G (1) 7312 3.0664 .0569 1 .8115 .0000 2.0775
B12H(1) | -8.3322 4.0806 4.1693 1 0412 -.1399 .0002
B12I(1) 4.11824 2.6559 2.4799 1 .1153 .0658 65.5219
Constant | -36.8518 | 14.4510 | 6.5031 1 .0108
-2 log likelihood  32.788
Goodness of Fit 1577.054
Cox & Snell - R? .623
Nagelkerke - Rr? .831
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Table VI: Classification Table
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Predicted
Non-Success Success Percent Correct
Non-Success 0 5 87.50%
Observed
Success 1 33 82.50%
Overall 85.00%
U.K. Data Full Model
----- Variables in Equation -----
Variable B S.E. Wald daf Sig R Exp (B)
TEKCONGR | .9271 9137 1.0294 1 .3103 0000 2.5271
COMPINTE -1.6403 1.1650 1.9824 1 .1591 .0000 .1939
PROJMGRP | .2797 2927 .9127 1 .3394 0000 1.3227
MKTSKILC | .1199 1.1830 .0103 1 .9193 0000 1.1274
CUSTKNOW | 9.1335 5.5535 2.7049 1 .1000 .0797 9260.7899
TECHKNOW | .6716 .9981 .4527 1 .5010 .0000 1.9573
COMMITME | -1.3218 1.8427 5146 1 .4732 0000 2666
INT 1 -.2163 1616 1.7921 1 .1807 0000 .8055
INT 2 .3530 .1969 3.2148 1 .0730 .1047 1.4233
INT 3 .0867 1681 .2658 1 6062 0000 1.0905
INT 4 -1.2432 7534 2.7233 1 .0989 -.0808 .2884
INT 5 .3285 .2968 1.2254 1 .2683 .0000 1.3889
B8A(1) 11.7611 6.1596 3.6458 1 .0562 .1218 128162.49
B8B (1) 11.6649 5.7908 4.0577 1 .0440 .1362 116418.58
B8C (1) 11.2792 5.2910 4.5446 1 .0330 .1515 79160.458
B8D (1) -3.5085 2.3776 2.1776 1 .1400 -.0400 0299
BSE (1) 5.9129 3.5982 2.7003 1 .1003 .0795 369.7619
B12A (1) -2.6355 2.0923 1.5866 1 .2078 .0000 L0717
B12B(1) | -4.0967 2.8016 2.1383 1 .1437 -.0353 0166
B12C (1) -1.7565 1.7827 .9708 1 .3245 .0000 .1726
B12D(1) | -6.1631 2.8070 4.8207 1 .0281 -.1595 0021
B12E(1) | -2.0677 1.6166 1.6360 1 .2009 .0000 .1265
BI2F (1) | -.2135 1.2679 .0283 1 .8663 0000 .8078
B12G (1) 1.8766 1.8639 1.0137 1 .3140 .0000 6.5313
B12H (1) | 2.1039 2.0882 1.0151 1 .3137 .0000 8.1981
B12I(1) | -.3825 1.9764 .0375 1 .8465 0000 .6822
Constant -27.8078 13.2239 4.4220 1 .0355
-2 log likelihood 42.698
Goodness of Fit 39.914
Cox & Snell - R? .574
Nagelkerke - R? .765

If we look at the individual variables that are significant in our model, we
discover some very interesting findings. In the overall model, the following vari-
ables are significant at .1 or less: (i) competitive intensity; (i) project management
propensity; (iii) the interaction between competitive intensity and market fit; (iv)
new product for a market that was undefined; (v) new product for an established
market in which we were not known; (vi) new product to one of our currently
served markets; and (vii) the constant. While significance of individual variables is
important, it is not the only indicator of importance in logistic regression. The vari-
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able Exp (B) reports the odds ratio for each variable. This ratio can be interpreted as
the effect of the independent variable on the dependent variable, ultimately increas-
ing or decreasing the odds of the dependent variable.

In Table 5, we see the variable that has the greatest odds of increasing
success is new product for an established market in which we were not known
(7.30602). This implies that we are 730 times more likely to be successful if we
adopt this strategy. However, the second most important variable with respect to
odds (customer knowledge, 6.1083) is not significant at the traditional levels. In
general, the three strategy variables give the firm the greatest chance of increasing
success. The diversification strategy of generating new products for the defined
markets or markets for which we are not known provides the best odds of success.
Still, developing a new product for a currently served market has a far greater
impact than any of our individual skills, except customer knowledge. The most
important variable that would hinder success is competitive intensity (.5027). This
is as expected. The greater the competitive intensity, the more likely NPD projects
will not succeed.

The U.S. model has the following variables significant at.1 or less: (i) proj-
ect management propensity; (ii) the interaction between the market fit and market
skill; (iii) product design flexibility; (iv) developing new markets; (v) enhancing
product attributes; and (vi) the constant. With this model, a much different picture
emerges with respect to the odds of success. Specifically, developing new markets
is by far the overwhelming strategy for success (1573.5206). All other variables
pale in comparison to the overwhelming favorable odds of employing this strategy.
On the hindrance side, enhancing product attributes (.0002) appears to have the
most dramatic influence on non-success. Thus, the strategy of enhancing product
attributes is likely to be viewed as unsuccessful.

The U.K. model has the following variables as significant at the.1 or less: (i)
customer knowledge; (ii) the interaction between competitive intensity and market
fit; (iii) the interaction between customer knowledge and market fit; (iv) new prod-
uct for the market that was undefined; (v) new product for established market in
which we were not known; (vi) new product in one of our currently served markets;
(vii) an improvement in existing product; (viii) influence and technical standards;
and (ix) the constant. An altogether different picture emerges with respect to the
odds of success for the U.K. Here it can be noted that several variables have tre-
mendous influence on the odds of success. With three strategy variables noted in
the overall model, all strongly influence success. Developing a new product for an
established market or an undefined market is a clear way to increase your odds for
success. On the downside, the firm in the U.K. is most likely to hinder success by
trying to influence technical standards.

Conclusions and Directions for Future Research

The overall model properly classifies 83 % of our observations. The U.S.
data were slightly better at predicting success than the U.K. data, 96 % accuracy
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versus 85% accuracy. This provides evidence to suggest that the variables that we
have included in our analysis are meaningful in predicting success. One particu-
larly interesting finding is that the individual country models perform better than
the aggregate model. This suggests that there are differences in direction between
the two countries, and a generic model is not necessarily the best predictor of per-
formance. In terms of specific predictors of success/failure (competitive intensity,
project management propensity, the interaction between competitive intensity and
market fit), three specific strategy variables were found to be most important con-
siderations.

A substantial proportion of firm revenue is generated from “new products.”
With so many variables affecting product success, it is hard to predict which prod-
ucts will succeed or fail prior to launch. Given the amount of resources that are
devoted to NPD activities, it is critical that NPD managers focus on engaging the
most appropriate strategies and activities to help ensure commercial success. This
paper provides a method that managers can use to predict product success prior to
launch, allowing for an evaluation and prioritization of resource commitments.

While the model performs well in the current application, it was applied
on only two countries. Future research should be conducted to further evaluate
its generalization to other countries. Also, we evaluated new product success on a
dichotomous variable (success/fail), whereas many companies view success as a
matter of degree. Future research could expand the definition and operationaliza-
tion of success.
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Editor’s note: The following abstract should have been included in Vol. 9, No. 2 of the journal. Due to an over-
sight on my part, it was not included in the said volume. Hence it has been printed here.

A Theoretical Study on Brand Strategy
Based on the Knowledge Economy

Chen Xuesong
University of Science and Technology, Beijing, P. R.C
Xu Jiansuo
Henan Normal University, Xinxiang, P. R.C.

Through an analysis of the new environment in which companies operate
in China and the model of knowledge growth, we construct a new softly-structured
model of brand development and identify several driving forces inherent in build-
ing up a name brand. On this basis, we further formulate a systematic solution and
a softly-structured model for name brand development strategy, which provides a
theoretical foundation and implementation principles for brand-building strategies
in various enterprises.
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